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Method | Dress Jump. Skirt Top Pants Shirt

D. | NN 209 189 218 182 139 1.69
Direct | 13.62 63.81 1255 9.63 11.12 940
Ours 212 182 214 154 141 1.63

D,, | NN 12.74 13.38 20.55 11.57 1243 12.11
Direct |48.32 81.79 39.73 31.19 36.44 43.43
Ours 6.63 6.06 734 447 437 4.9

Qualitative Results on Unseen Garment Tab 2. Pose Estimation Error. While NN
Instances (Realworld Data). We validate our
algorithm on realworld garments where the
garments is lifted by the robot arm and the point
cloud captured with iPhone 12 Pro Max.

angles over a surface for every point in R3. The holes of the
surfaces are encoded in the magnitude of spatial gradient.

Comparison of Shape Completion Results (Right). The magnitude
of spatial gradient is used to predict surface openings in WNF. TSDF
can only represent water-tight surface. TDF predicts thick,
over-smoothed surface. Occupancy grid can not represent fabric
thinner than the voxel size. On the ground truth mesh, grey indicates
visible surface in input, blue indicates occluded surface.
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achieves comparable Chamfer distance (Dc),
the pose estimation error (Dn) is significantly
higher, indicates that the retrieved mesh does
not share similar configuration as the input.

The normalized coordinate is obtained by scaling garments of
the same category (worn by T-pose human) to a unit cube.




